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Issued il
Late (16~30days) HEH] 16~30 K
Late (31~120days) LR 31~120 K

HA Fully Paid #l Charge Off /& B\ 42 BE IR ZORAS . HiAh 6 PRS2 85 A
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x5 IR EHIEER
SRR 7 B o
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OMIBRAS AR BRI A 22 WL, EAT f o ARSI T Uk 5 R L, e L) 565227 25 0L

1 AR R AE “one” PEAT0HT.
*®6 BEMTEER
G Bz
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An Empirical Study on the Credit Rating of

P2P Projects based on LightGBM Algorithm
Ma Xiaojun Sha Jinglan Niu Xueqi

(Dongbei University of Finance and Economics)

Research Objectives: In the context of big data and Internet finance development, it is effective
to control the default rate of P2P projects to cnsurc good operation of relevant financial projects or
platforms according to personal credit. Research Methods: In this paper, based on the P2P platform
Lending Club massive real transaction data, we use the ‘multi-observation” and ‘multi-dimension-

” two kinds of data cleaning method, and predict the risk of default by the 2016 Asian Microsoft

al
LightGBM machine learning algorithms of authority and innovative. Then compare the results of dif-
ferent data cleaning method. Research Findings: 1.ightGBM algorithm based on multi-observations of
predicted results is the best. Lending Club platform historical trading data to calculate the average
execution rate of 1. 28%, can reduce about MYM117 million in loan default. Research Innovations:
Using different data cleaning methods and more advanced machine learning algorithm (LightGBM)
to predict default rate. Research Value: Based on the result of the influencing factors of default rate,
not only the suggestions on development of Lending club and P2P platforms are pointed out, but
also the direction of national development in this field.
Key Words: P2P; Credit; Control of Default Rate; Data Cleaning; LightGBM Algorithm
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